Hourglass Tokenizer for Efficient Transformer-Based 3D Human Pose Estimation
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Transformers have been successfully applied in video-based 3D human pose estimation (HPE). However, the high . I Hourglass Tokenizer (¢ HoT &) /
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e Seq2seq Inference: For fast inference, A real-world 3D HPE system should be able to estimate the consecutive 3D _ e ~~_ L
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PoseFormer (ICCV’21) [51] |81 9.60 1.63 44.3 ® MHFormer Sequence | | VR oD Poses | 7 _J Drosedl
Strided (TMM’22) [17] 351 4.35 1.60 43.7 ® PSTMO . P;; » e
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MixSTE (CVPR’22) [48] 243 3378 2717.25 40.9 A % HoT w. MotionBERT (Ours) Ablation study on seq2seq (x) and seq2frame (}) Ablation study on token pruning and recovering
HoT w. MixSTE (Ours) 243 35.00 167.52 (] 39.6%) 41.0
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