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Introduction

“The emotion expressed by wordless simplicity is the most abundant.”

— William Shakespeare

“Excitement”’

“Disgust”



Introduction

Input DALL-E 3 IP2P EmoEdit
- - e

e Observations

«  While DALL-E 3 conveys emotions
well, IP2P remains faithful to original
structure, neither approach satisfies
both aspects.

« EmokEdit fills this gap by creating
images with both emotion fidelity and

“Sadness”

structure preservation.

Emotion Structure Emotion Structure  Emotion Structure



Introduction

Contributions

EmoEdit, a content-aware AIM framework capable of generating emotion-evoking,
contextually fitting, and structurally faithful variant of a user-provided image,
requiring only emotion words as prompts.

EmoEditSet, the first large-scale AIM dataset, featuring40,120 image pairs labeled
with emotion directions and content instructions, establishing a high-quality,
semantically diverse benchmark.

Emotion adapter, trained with diffusion loss and theproposed instruction loss,

functions as a plug-and-play module that enhances generative models with emotion

awareness once trained.



Emotion Factor Tree

Emotional Images Semantic Clustering

>
= = u{‘"
g 3
2 s £88,
b = @ x L
4 cLP : Sd,84658
5 o 2 F §
encoder, 5 53588
B PSS FF o &
8% > FFQ8 8 &
g2 L8388 &f& P & &
28 Eoad PP F o & o
? PEIEFQIL S & o
Cluster 1 Cluster 2 s PIFSR I
PR TSRN TEONRE S
Cluster 3 Cluster 4 sy, Csg;, % TOT G 0 e
S Stay, C. C Q‘@“‘\o\d\“ )
" &
R%"?s g ,fé; e aﬁq@" uxdqo(s
Rotyy \ o a0 e
ummarizing Pheasan ) Mo ® ing oY .
Pe . / - Pig ly indo
:’f”'ﬂg ble birds . Action “Reading comfortably .
enguins in nature » .Seniors sharing moments
—
‘§ V Pandas resting peacefully - Conte_@tment 'wmg digital devices
- |s in nature* i . *Woman he
= Summary 1 ow oot Object.- Facial Expression 'IXIVOH’}D" ; ing flowers
Ll ” . i
5 gro" fowels ™\ orme, 9 outg
“Books with MO et O e T
= ‘ai‘“Q?aﬂg\‘Z‘e‘a g, i “
of @ RN Z
Preserve GPT  flowers 0o ooy,
¢ o B %, &
QK S . o Gy, Ok
NN N )
& & g A 2,
SO S IIES LB s, Pp
N & F o TR 22E 2R %, s
o IS SITFFELERRRRY Y Y Y, T,
TSI IR IR Yy
FEFFTe<csi98% %% & 9
3 Do £ 2 'y = Y
Summary N FUFEEEEETRERR S
§ 55553259 %" %
§F F5¥E25358%%%
“Berry-topped < S B
y f 3 =2® -
- . d 1t cakes” fF55; Y
essert cakes §CE8¢8 %
Preserve 3

(a) Emotion Attribution

Overview of EmoEditSet

Data Collection

MagicBrush

Data Filtering

93 Machine
Filtering

CLIP Image Similarity
CLIP Text Similarity
Emotion Score

Aesthetic Score

® . Human
@ Filtering

xi i .
b '
ha 46 A

B g -

(b) Data Construction

EmoEditSet
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Overview of EmoEdit
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Images in EmoEditSet

“Amusement”’

“Festive dessert”

“Menacing clown face” “Scary vampire face”

“Sadness”’

“Wilted autumn leaves”
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“Mourning angel statue” “Uniform tombstones arranged”

“Northern lights display” “Colorful hot-air balloons”



Images generated by EmoEdit
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Results

SDEdit PnP InsDiff P2P-zero ControlNet BlipDiff CLVA AlF
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“Anger”’ “Awe” “Amusement”’

“Fear”
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Table 1. Comparisons with the state-of-the-art methods on global t
editing, local editing and style-based AIM methods. 1,
<
Method | PSNR + SSIM 1 | LPIPS | CLIP-I11 | Emo-A 1 Emo-S 1 :5:
SDEdit [20] 15.43 0.415 0.459 0.638 38.21% 0.221 _é
PnP [37] 14.41 0.436 0.381 0.851 23.83% 0.095 s
Qo
InsDiff [8] 10.75 0.318 0.505 0.796 19.22% 0.060 i
P2P-Zero [26] 13.76 0.420 0.546 0.685 20.31% 0.067
ControlNet [51] [ 11.98 0.292 0.603 0.686 36.33% 0.213 -
BlipDiff[ 15] 9.00 0.249 0.654 0.810 18.06% 0.045 "§
CLVA [7] 12.61 0.397 0479 0.757 14.04% 0.017 &
AIF [41] 14.05 0.537 0.493 0.828 12.74% 0.004 ?
EmokEdit | 16.62 0.571 | 0.289 0.828 | 50.09% 0.335

“Sadness”’

w/o EmoAda

EmoEdit




Results
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(b) Inference Process of EmoEdit “Amusement”’



Results

“Positive”

Ink wash Watercolor

“Positive”

“Negative”

(b) Representative Artists



Thank you!

Hui Huang Jiawei Feng Weibin Luo

Dani Lischinski Daniel Cohen-Or



