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» But, previous motion in-betweening methods require large motion Applications on multi object
data in one specific joint configuration, making another burden of : : : :
making huge datasejt for even?characters_ J Method Summary: Render the character, personalize video diffusion model,

dgenerate video, and optimize character’s motion using the generated video.
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» AnyMole leverages video diffusion model for arbitrary character
without training data

Method:

» Given context motion and target key frames for a 3D character, AnyMoLe performs 3D motion inbetweening

using a video diffusion model in following order
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TakeAways: » Using the two seconds of context motion and target keyframes, render each frame from diverse views.

> Avideo generation model can be used for an arbitrary » From the multi-view rendered images, finetune the video diffusion model and train a scene-specific joint
3D character animation. estimator concurrently using both 2D and 3D-aware features.

> A_feW_ seconds of motion can effectively fine-tune a video » The finetuned video diffusion model generates an in-between video in a two stage auto-regressive manner:
diffusion model. first, generate coarse frames from the given context and key frames, second, fill in the remaining frames.

» Fitted to a specific scene and character, the few-shot model » Optimize character motion sequentially to align its motion with the generated video using a differentiable
outperforms large general models. renderer and the trained joint estimator.

Results of AnyMoLe
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