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Motivation GeoMap-Bench

The GeoMap-Agent framework includes three modules: Hierarchical
Information Extraction (HIE), Domain Knowledge Injection (DKI), and

geologic map understanding due to the challenging nature of
cartographic generalization, which involves handling high-
resolution map, managing multiple associated components,

The GeoMap-Bench is a benchmark designed to evaluate the performance
of MLLMs in understanding geologic maps across various abilities, with
details provided in below Table and figure.
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uses Multimodal Language Models (MLLMs) to improve map
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potential to greatly improve the efficiency and accuracy of
geologic map interpretation.
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efficiently. Additionally, we believe the GeoMap-Agent paradigm
could be applied to other scenarios facing similar challenges.
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