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Contribution
• We explore the Class-Incremental Source-Free Unsupervised 
Domain Adaptation (CI-SFUDA) problem, and propose the 
Multi-Granularity Class PROtotype TOpology Distillation 
(GROTO) algorithm.
•  We  d e s i g n  t h e  m u l t i - g r a n u l a r i t y  c l a s s  p r o t o t y p e 
selforganization module to mitigate the interference from similar 
source-class knowledge to the target-class representation 
learning.
• We design the prototype topology distillation module to reduce 
the shocks of new target knowledge to old ones.

Method
• In the Multi-granularity Class 
Prototype Sel f -organizat ion 
module, we mine positive classes of 
new sessions by modeling source 
similarity and target probability 
accumulation distributions, and 
then generate pseudo-labels for 
target  data  by ident i fy ing the 
coarse-grained and fine-grained 
class prototypes. With these reliable 
pseudo-labels, we next conduct the 
target feature self-organization.

•  In  the  Prototype  Topology 
Distillation module. We compute 
p o s i t i v e  c l a s s  p r o t o t y p e s  t o 
construct the topological structures 
of feature spaces. Then, we perform 
point-to-point distillation between 
the source topological structure and 
the target ones.

An illustration of the CI-SFUDA problem

ExperimentsResults on the Office-31-CI and ImageNet-Caltech-CI datasets

Visualization of GROTO

• Experiments on three benchmark datasets and the visualizations show that our GROTO algorithm outperforms current state-of-the-art methods.An overview of the GROTO algorithm
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Results on the Office-Home-CI dataset


