CSF: Black-box Fingerprinting via Compositional Semantics for Text-to-Image Models
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0 Why do watermarks survive fine-tuning? K = # of categories
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O Good probes are rare, underspecified, sampleable, and category-classifiable. Defense and outliers stay explicit: Robustness is argued by aggregated evidence under uncertainty, not by forcing
every prompt or attack case to decide.
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