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Visual Artifacts
● SOTA diffusion models still generate images with structural artifacts, 

while VLMs do not successfully understand them. 
● Prior works target simple artifacts generated from outdated models, 

while relying heavily on human-annotation.
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Method: ArtiAgent
● ArtiAgent automatically injects artifacts into real images, achieving a 

scalable pairwise dataset generation.
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Method: ArtiAgent
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● We generate a 100K paired dataset via our 3-step agentic pipeline.



Inversion-Injection Method
● We manipulate positional information in self-attention layers of the 

DiT while denoising.
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ArtiBench
● We propose a 1K benchmark on recent diffusion models, focused on 

structural artifacts only.
● Human annotation + curation process
● Covers three tasks : binary detection / localization / explanation
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Main Results
Artifact Understanding Enhancement on VLMS
● We achieve SOTA performance on detecting, localizing, and explaining 

artifacts via 7B/8B models finetuned on ArtiAgent generated data.
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Downstream Tasks
● Reward-guided generation : Reward model trained on an ArtiAgent 

generated dataset allows generation of artifact-free images
● Image correction : VLM trained on ArtiAgent guides image inpainting 

models for artifact correction
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Thank you!
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Dataset

https://github.com/krafton-ai/ArtiAgent
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