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Motivation

SAM frequently over-segments
medical images. Precise background
prompts can effectively constrain this.

@ Foreground 9 Foreground
9 Background 9 Background

Segmentation (confidence)-based
methods fail to obtain precise
background prompts!
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Prompt Localization

@ Segmentation — Prompt Localization + SAM

Directly Localize Background Prompts!
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Method: FoB Prompt Generator

Background-centric Context Modeling
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Background Prompt Prototype Construction (BPPC)

e Background-centric. Category-agnostic.

® Trained Independently of SAM to Learn Prompting.
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Results

In-domain
Evaluation

Cross-domain
Evaluation
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Methods Abd-MRI Abd-CT Skin-DS
Liv RK LK Spl Avg. Liv RK LK Spl Avg. Mel Nev SK Avg.
ALPNet[31] | 76.1 85.18 8192 72.18 78.84 | 7829 71.81 7236 7096 7335 | 6632 61.65 5957 6251
RPT [50] | 82.86 89.82 80.72 7637 8244 | 8257 7258 77.05 79.13 7783 | 77.81 75.42 70.28 74.50
. GMRD [5] | 8142 90.12 8396 76.09 8290 | 79.6 7446 81.7 7831 7852 | 79.23 7278 71.32 74.44
_%" PGRNet [12] | 83.27 8744 8144 8172 8347 | 8248 7988 7423 7209 77.17 | 71.39 70.21 65.87 69.16
E ProtoSAM [2] | 83.14 8236 82.75 7798 81.56 | 8479 75.67 7131 70.24 75.50 | 73.61 76.26 68.37 72.75
AM-SAM [33] | 76.12 8495 84.17 80.36 81.40 | 87.28 86.01 84.37 87.11 86.19 - - — -
FoB +S-2D | 77.09 89.45 83.58 79.82 8249 | 8554 80.02 79.18 78.06 80.70 | 85.87 88.51 80.02 84.80
FoB + SAM | 85.61 88.18 84.76 7931 8446 | 8651 8651 87.29 8454 86.21 | 7893 77.12 73.81 76.62
ALPNet [31] | 73.05 7839 73.63 67.02 73.02 | 73.67 5482 63.34 60.25 63.02 | 56.17 50.67 49.18 52.01
RPT [50] | 76.37 86.01 7833 7546 79.04 | 7524 67.73 7299 70.8 71.69 | 76.07 76.97 69.86 74.30
fﬂ GMRD [5] | 80.25 86.66 78.65 7325 7970 | 80.39 76.17 774 753 77.32 | 77.21 74.12 70.97 74.10
E ProtoSAM [2] | 81.94 8143 7146 76.51 7783 | 8784 71.04 6944 655 7345 | 7533 7201 68.74 72.03
A | AM-SAM [33] | 79.70 81.46 70.28 70.80 75.56 | 8540 84.02 8278 83.97 84.04 - - — -
FoB +S-2D | 7532 87.07 7546 7532 7829 | 7525 7897 7989 7582 7748 | 8553 87.02 78.86 83.80
FoB + SAM | 8243 8791 7821 7330 8046 | 8229 8591 88.55 8243 84.80 | 76.68 77.77 72.22 75.56
Methods | Liv RK LK Spl Avg.
% RobustEMD [51] | 60.16 70.26 66.34 53.71 62.61
T FAMNet [3] | 73.01 74.68 57.28 58.21 65.79
3 FoB + SAM | 75.05 79.57 7038 68.21 73.30
5 | RobustEMD [51] | 69.82 50.34 63.79 59.88 60.95
; FAMNet [3] | 73.57 61.89 57.79 65.78 64.75 DENVER
= FoB + SAM | 81.36 5881 57.18 70.71 67.02 cv P R
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Conclusion

® We reformulate SAM-based FSMIS as a prompt localization
problem and design a dedicated prompt generator FoB, which
focuses on background prompts.

@® Our method effectively exploits the support segmentation
information and leverages the contextual dependencies of medical
image features to enable precise background prompt localization
through matching.

@® Our method achieves state-of-the-art performance on three
medical image datasets, and exhibiting strong cross-domain

generalization.
2\ DENVER
chE‘!!:ozl:E 2« COL0RAD



Resources

ol

Paper Code

@ baoyuntian8@gmail.com

22 DENVER



	幻灯片编号 1
	幻灯片编号 2
	幻灯片编号 3
	幻灯片编号 4
	幻灯片编号 5
	幻灯片编号 6
	幻灯片编号 7
	幻灯片编号 8
	幻灯片编号 9

