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We expose a major flaw in top Video-Language Models like GPT-4o & Gemini: 

They're blind to completely temporal patterns. 

Humans score 98%. 
These models? 0%. 

timeblindness.github.io

http://timeblindness.github.io


Why does this happen?

Today’s Video-Language Models (VLMs) aren’t really 
watching videos. 

1. They just look at frames. 
2. Extract spatial features. 
3. Then try to guess what's happening between 

them. 

They don’t truly see through time. They see time 
through spatial lens. 



We designed a benchmark: videos made entirely of noise. 

But hidden in that noise? 
Text. Shapes. Objects. Depth Map. 

The catch? You can only see them through motion. 

Each frame looks meaningless, but together, they reveal something 
spooky. 

“SpookyBench”



Examples

A paused video will feel like a completely random noise.

http://www.youtube.com/watch?v=QGXz5yobIHY
http://www.youtube.com/watch?v=D-ETZpgK3WA


How we made it?



Machine, Human Test

The test is simple. 

• Show humans a video made of moving noise. 
• Ask: What do you see? 

Humans: “It says CAT” 
GPT-4o: “I don’t understand” (Mostly some 
random thing based on prompt) 

Humans crushed it: 98% accuracy. 
All 17 state-of-the-art models? 0%. 

Even when prompted how to look.

Human accuracy for various category of data

Human accuracy at different frames per second



Can it be a out of domain problem?

1. We fine-tuned InternVL2.5-8B, Qwen2-VL-7B, and Qwen2.5-VL-7B models. 
2. We ran all the models on 60fps video to check if frame drop was causing the issue. 

All still yielded 0% accuracy. 

This indicates fundamental issue with current VLMs.



Potential reason for failure of VLMs



Can SOTA Visual Models Tell There’s an Object? 

Total Failure, Models guess at random when forced to 
detect objects purely through motion. 

Structural Flaw, Adding more training data doesn't fix 
this fundamental architectural limitation 

No Overfitting Observed, even when working with 
smaller dataset.



What unlocks VLMs performance?

Pre-compute motion boundaries with classical optical flow, overlay them on the noisy frames, and the same 
models suddenly score in the 50s.



Why this matters?

Imagine: 

- In medical imaging, key signals may only emerge over time, 
not in any single frame. 
- Security systems miss suspicious behavior if they only see 
stills, not subtle patterns over long time. 
- Low SNR input

SpookyBench exposes below vulnerability among many: 

1. Video-Language Models aren't truly temporal 
2. They can't perceive motion-based meaning 
3. They're vulnerable to temporal adversarial attacks 

timeblindness.github.io

Model performance vs SNR on SpookyBench

We’ll be presenting our work physically in Denver on 7th June 
Poster Session 5 & Exhibit Hall (ExHall F) 

http://timeblindness.github.io

