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Problem Definition

Composed Image Retrieval (CIR) :

Search a target image from an image database that satisfies the semantic consistency with both

reference image and text modification.
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Motivation

Extraneous Cognitive Load: The reference image may trigger information leakage, which in turn leads

to overemphasis on irrelevant details, affecting the retrieval performance.

Weak Compositional Modeling: Point-to-point alignment during the retrieval stage fails to capture

diverse compositions, leading to semantic imbalance across modalities.



Our Proposed STiTch
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Experimental Results



Ablation Study

Impacts of caption number and augmentation views

Figure 1. Ablation on the number of descriptions and image augmentations (Aug-10: 

10 augmentations per image) on the CIRCO dataset with CLIP-B/32.

Impacts of the bidirectional distance 

Figure 2. Ablation results of different alignment strategies across four 

datasets with CLIP-L/14.

Main component analysis 



Visualization Analysis

Figure 3. Visualization of the GeneCIS dataset on the ’Focus Object’ task. Heatmaps before and after the transition on target image are shown. 

Captions generated by MLLMs often contain irrelevant visual noise (blue text), while the STiTch model effectively suppresses 

such noise and highlights the correct focus object (red text).
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